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12.2 41.0 25.9 14.1
MaxPressure[3]
(46.9) (132.5) | (101.7) (52.4)
N 6.1 30.9 19.8 84
ATS-MP(10%)
(23.1) (113.1) (77.7) (30.6)
CoLight 12.1 51.9 25.6 14.2
(71 +217) (46.1) (102.2) | (100.1) (52.6)
CoLight 7.4 375 215 105
(H 23) (27.9) (138.6) (84.2) (38.4)
6.0 31.0 19.4 85
HED-MP
(22.7) (113.0) (76.0) (30.5)
. 5.8 31.6 19.6 82
HED-CoLight
(21.7) (112.9) (76.7) (29.7)
HED-CoLight + 5.3 29.6 19.1 7.9
LCB (20.0) | (105.8) | (74.7) (28.5)
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